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Abstract

The present study aimed to analyze and explain the factors influencing the transformation of the university policy-making system based on artificial
intelligence development and to present an empirically grounded conceptual model in Golestan province universities. This study was applied in purpose
and qualitative in nature and was conducted using the grounded theory approach. The research population consisted of academic experts in university
policymaking and emerging technologies in Golestan province universities. Participants were selected through purposive and theoretical sampling, and a
total of 11 experts, including university presidents, educational and research deputies, planning managers, and faculty members familiar with emerging
technologies, participated in the study. Data were collected through in-depth semi-structured interviews and analyzed concurrently with data collection.
The data analysis process followed three stages: open coding, axial coding, and selective coding. To enhance the trustworthiness of the findings, repeated
data review, conceptual consistency checks, and direct linkage between codes and raw interview data were ensured. Data analysis resulted in the
identification of 75 open codes, which were categorized into two axial categories: “data-driven decision-making” (58.6%) and “increasing managerial
transparency and accuracy” (41.4%). These two categories collectively formed the central phenomenon of “transformation in the university policy-making
system.” The findings indicated that artificial intelligence enables the transition from traditional, intuition-based policymaking toward evidence-based
policymaking by facilitating predictive analytics, improving evaluation accuracy, enhancing organizational justice, and reducing reliance on subjective
judgments. Furthermore, a reinforcing relationship was identified between data-driven decision-making and managerial transparency, whereby increased
reliance on data improves transparency and accountability, and greater transparency further strengthens data-oriented decision processes. The
transformation of the university policy-making system through artificial intelligence represents a fundamental paradigm shift from static, subjective, and
traditional policymaking toward dynamic, evidence-based, and forward-looking governance. This transformation enhances decision quality, promotes
fairness and transparency, strengthens coordination among organizational units, and improves overall institutional effectiveness. The findings emphasize
that the development of data infrastructure, managerial analytical capabilities, and regulatory mechanisms are critical prerequisites for achieving
sustainable transformation. Implementing these elements can facilitate the emergence of an intelligent, adaptive, and effective university policy-making
system capable of responding to complex and evolving organizational and societal demands.

Keywords: University policymaking, arty‘icial intelligence, data-driven decision-making, managerial transparency, organizational tmnsformation, Golestan province

universities
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Extended Abstract

Introduction

The rapid advancement of artificial intelligence (Al) technologies has fundamentally transformed
organizational structures, governance systems, and decision-making processes across multiple sectors,
including higher education. Universities, as knowledge-generating institutions and drivers of innovation and
societal development, are increasingly required to adopt advanced technological solutions to enhance their
governance and policy-making systems. Traditional university policymaking has often relied on human
judgment, experience-based reasoning, and fragmented information, which may lead to inefficiencies,
inconsistencies, and limited responsiveness to complex and dynamic environments. In contrast, Al offers
unprecedented capabilities for processing large volumes of data, identifying hidden patterns, generating
predictive insights, and supporting evidence-based decision-making, thereby enabling a more systematic,
transparent, and adaptive policymaking process (Hisham et al., 2024; Ifenthaler et al., 2024). These
capabilities are particularly relevant in higher education institutions, where policymaking must address diverse
and evolving challenges, including academic performance optimization, resource allocation, technological
integration, and strategic planning.

Al-driven policymaking represents a paradigm shift from intuition-based decision-making toward data-driven
governance. This transformation enhances the ability of policymakers to forecast future trends, evaluate policy

alternatives, and simulate potential outcomes before implementation. As a result, decision-makers can



minimize uncertainty, reduce human error, and improve the overall effectiveness of institutional governance
(Kotsis, 2025; Monavarian et al., 2023). Moreover, Al contributes to increasing transparency, objectivity,
and accountability in policymaking processes by enabling systematic monitoring and evaluation of
organizational performance. This increased transparency strengthens stakeholder trust and promotes fairness
in institutional decision-making, which are essential elements of effective governance in higher education
(Bunbury-Thomas, 2025; Selvaratnam & Venaruzzo, 2023). In this context, Al is not merely a technological
tool but a transformative force that reshapes governance paradigms and policy formulation mechanisms.

In addition, Al facilitates strategic planning and resource management by enabling universities to analyze
academic performance indicators, predict student enrollment patterns, and optimize resource allocation. These
capabilities improve institutional efficiency and enable universities to respond more effectively to emerging
challenges and opportunities (Baki Hashemi, 2024; Roberts, 2024). Furthermore, Al enhances the capacity
of universities to align their policies with national development goals and global technological trends, thereby
strengthening their competitiveness and sustainability in an increasingly knowledge-driven economy (Ozkaya
& Demirhan, 2023). Despite these benefits, the integration of Al into policymaking systems also presents
challenges, including technological readiness, data quality, ethical considerations, and organizational
resistance to change. Addressing these challenges requires a comprehensive understanding of the factors
influencing Al-driven policymaking transformation.

Previous studies have emphasized the importance of data-driven decision-making, governance transparency,
and technological integration in enhancing policymaking effectiveness. These studies suggest that Al can
improve institutional performance, enhance strategic planning, and foster innovation in higher education
systems (Mahbanooei & Pourezzat, 2022; Moslemi et al., 2021). However, empirical research examining the
structural and conceptual transformation of university policymaking systems through Al remains limited,
particularly in developing regions where technological adoption is still evolving. Moreover, existing studies
often focus on technological applications rather than examining the broader governance and policy
implications of Al integration (Sheikh Shoaee, 2021). Therefore, identifying the key factors influencing the
transformation of university policymaking systems through Al is essential for understanding how institutions
can effectively leverage this technology to improve governance and decision-making processes. This study
addresses this gap by exploring the factors influencing the transformation of university policymaking systems
using an Al development approach in Golestan province universities.

Methods and Materials

This study employed a qualitative research design using the grounded theory approach to explore the factors
influencing the transformation of university policymaking systems through artificial intelligence. The
grounded theory methodology was selected due to its suitability for developing conceptual models grounded
in empirical data and participants’ lived experiences. The research population consisted of academic experts

and senior administrators in universities located in Golestan province, including university presidents, vice



presidents for academic and research affairs, planning managers, and faculty members familiar with emerging
technologies and policymaking processes.

Participants were selected through purposive and theoretical sampling to ensure that individuals with relevant
expertise and experience contributed to the study. A total of eleven participants were included, and data
collection continued until theoretical saturation was achieved, meaning that no new concepts or themes

emerged from subsequent interviews. Data were collected using in-depth semi-structured interviews designed

to capture participants’ perspectives on the role of artificial intelligence in transforming university
policymaking systems.

The interview process allowed participants to share their experiences, insights, and observations regarding the
use of Al in decision-making, governance, and strategic planning. All interviews were recorded with
participants’ consent and transcribed verbatim for analysis. Data analysis was conducted concurrently with
data collection and followed the three stages of grounded theory coding: open coding, axial coding, and
selective coding. Open coding involved identifying initial concepts and extracting relevant codes from the
interview transcripts. Axial coding focused on grouping related codes into broader categories based on
conceptual relationships. Selective coding involved integrating these categories to identify the central
phenomenon representing the transformation of university policymaking systems.

To ensure trustworthiness and credibility, multiple strategies were employed, including repeated review of
interview transcripts, constant comparison of codes and categories, and verification of conceptual consistency
throughout the coding process. These procedures ensured that the findings accurately reflected participants’
perspectives and provided a valid representation of the transformation process.

Findings

The data analysis resulted in the identification of 75 open codes derived from participants’ interview responses.
These codes represented various dimensions of artificial intelligence’s impact on university policymaking
systems, including predictive analytics, performance evaluation, data integration, transparency, and
organizational coordination. During axial coding, these open codes were grouped into two major categories:
data-driven decision-making and increased managerial transparency and accuracy.

The first category, data-driven decision-making, accounted for 58.6% of the total codes and encompassed
themes such as predictive analysis, scenario simulation, performance monitoring, resource allocation
optimization, and data integration. Participants emphasized that Al enables universities to analyze large
volumes of data efficiently, identify patterns and trends, and generate predictive insights that support strategic
decision-making. This capability allows policymakers to anticipate future challenges, evaluate policy
alternatives, and make informed decisions based on empirical evidence.

The second category, increased managerial transparency and accuracy, accounted for 41.4% of the total codes
and included themes such as standardized performance evaluation, reduction of subjective decision-making,

increased accountability, improved coordination, and enhanced organizational fairness. Participants reported



that Al enhances transparency by providing objective performance metrics and enabling systematic monitoring
of institutional activities. This increased transparency reduces reliance on subjective judgment and promotes
fairness and accountability in policymaking processes.

During selective coding, these two categories were integrated into the central phenomenon of transformation
in university policymaking systems. The findings indicated that artificial intelligence serves as a transformative
force that reshapes policymaking processes by enabling data-driven governance and enhancing transparency.
Participants also highlighted several outcomes associated with this transformation, including improved
decision accuracy, reduced human error, increased organizational efficiency, and enhanced policy
effectiveness.

Furthermore, the findings revealed a reinforcing relationship between data-driven decision-making and
managerial transparency. Data-driven decision-making provides the foundation for transparency by generating
reliable and objective information, while increased transparency strengthens trust in data-driven processes and
encourages further reliance on Al-supported decision-making. This reciprocal relationship creates a continuous
cycle of improvement that enhances the overall effectiveness of university policymaking systems.

Discussion and Conclusion

The findings of this study demonstrate that artificial intelligence plays a transformative role in reshaping
university policymaking systems by enabling data-driven governance and enhancing managerial transparency.
The emergence of data-driven decision-making as the dominant category highlights the critical role of Al in
improving decision quality, strategic planning, and institutional performance. By enabling policymakers to
analyze complex datasets, identify trends, and simulate policy outcomes, Al enhances decision accuracy and
reduces reliance on subjective judgment.

The findings also highlight the importance of transparency and accountability in Al-driven policymaking.
Increased transparency enhances organizational fairness, strengthens stakeholder trust, and improves
governance effectiveness. The ability to monitor institutional performance objectively enables policymakers
to identify inefficiencies, address organizational challenges, and implement evidence-based policies. These
capabilities contribute to improved coordination, enhanced resource management, and increased institutional
effectiveness.

Moreover, the integration of data-driven decision-making and transparency creates a synergistic relationship
that reinforces continuous organizational improvement. Data-driven processes enhance transparency by
providing reliable and objective information, while transparency increases trust in Al-supported decision-
making, encouraging further adoption of data-driven approaches. This cycle of mutual reinforcement supports
sustainable transformation in university policymaking systems.

The transformation of university policymaking systems through artificial intelligence represents a shift from
traditional governance models toward adaptive, evidence-based policymaking frameworks. This

transformation enhances institutional agility, improves strategic planning, and enables universities to respond



effectively to dynamic environmental conditions. Artificial intelligence enables universities to anticipate future
challenges, optimize resource allocation, and improve overall governance effectiveness.

In conclusion, artificial intelligence serves as a catalyst for transforming university policymaking systems by
enabling data-driven governance, enhancing transparency, and improving decision-making effectiveness. This
transformation contributes to improved institutional performance, increased accountability, and enhanced
strategic planning capabilities. The findings emphasize the importance of developing technological
infrastructure, enhancing data management capabilities, and fostering organizational readiness to support the
integration of artificial intelligence into policymaking processes. By embracing artificial intelligence,
universities can strengthen their governance systems, improve policymaking effectiveness, and enhance their

ability to achieve strategic and institutional goals.
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