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Abstract

This study aimed to design an optimal and context-specific model for an intelligent decision support system in banking organizations with
an emphasis on financial intelligence. This research adopted an applied, exploratory, and qualitative design based on an interpretive
paradigm. The study participants consisted of academic experts and senior banking managers familiar with decision support systems, who
were selected through purposive snowball sampling. Data were collected via semi-structured interviews and continued until theoretical
saturation was achieved, resulting in ten interviews for final analysis. The collected data were analyzed using thematic analysis with the
assistance of MAXQDA software. The credibility and trustworthiness of the findings were ensured using Lincoln and Guba’s criteria, and
reliability was confirmed through inter-coder agreement. The analysis yielded 351 initial codes, which were synthesized into 15 organizing
themes and ultimately condensed into six overarching themes, including primary database infrastructure, decision support database,
information security and protection, knowledge management, financial intelligence orientation, and command processing unit. These
themes were integrated into a coherent conceptual model illustrating the structural relationships among the core components of an
intelligent decision support system in banking organizations. The proposed model demonstrates that integrating financial intelligence with
robust data infrastructures, information security mechanisms, and knowledge management processes can significantly enhance managerial
decision-making effectiveness and overall organizational performance in the banking sector.

Keywords: Decision Support System, Financial Intelligence, Smart Banking, Thematic Analysis, Managerial Decision-Making

Authors’ Information:

mousakhani@srbiau.ac.ir ik ©' BY e

1. Department of Public Administration, CT.C., Islamic Azad University, Tehran, Iran © 2026 the authors. This is an open access article
2. Department of Industrial Management, CT.C., Islamic Azad University, Tehran, Iran under the terms of the CC BY-NC 4.0 License.



mailto:%20mousakhani@srbiau.ac.ir
http://creativecommons.org/licenses/by-nc/4.0
http://creativecommons.org/licenses/by-nc/4.0

Sl kS 4 e (ONS (glaosls Julows 5 dle (6,80 (8 sme im0 53 039 e DT (65l DLl Y i 5 (glaans s
Canbadpde 5l ghen 5Ly codomy o ladamn b (S5 e slaidn 53 05 54 a0l 0 GloSln (68 poanad (slae s 3 3Ly
(S fom i 33 s (63 8l5 S35 By (3 guoms (sl Lot U (63,3 425 e (i S8 S s 0T 53 8 Ll 0
5 S o ol (68 S o g 5 255 (ST (S 55 (SIS S ¢l 5 w15l gl Ol e (68 e Oty (Slagtace
De Sousa et al., 2019; ) wuS” 31wl 5 tdu 5l glspanad cdiadpn sladis 5 L2315 cbosls & S L b dias o OGI O pite 4
.(Desouza et al., 2019; Yang, 2023
uwcﬁ\‘w,wa,:,ﬁquu.u.uu}bbuu@Séud,u,m,sﬂﬁ&uauuoly@w,;dﬁfwg%éuw
o3lizul & das o O Lol (gla i g . ilesls (gl 555 53 1y o e 5 6oy (6,8 b L Sl 5 eus jiiad g ol
Sloile SESSTT 5 sl (5 5lutigs 4 Bl 5 or ool Dbty (ot (1 b 55 (2 585 S35 Egae g Lsusr—"w@ 5!
WJ s o) (Xu, 2024; Zhang et al., 2025) 45" s 61,5 e 0T 5 65 0 2875 T 5 oK 51, L;ﬁfv,_,m;} Seh et
el Bl ielie Coanl a0 o3 o e 5 Jle el (gL ASle K 2 5 el (Slae g 5 0354

Sl K5 sl o L 0l e SN ¢ Jlo (gloesls 51 cadie w55 csolal slapllss )3 (55 ome sLaslgs O o LaeSSL
ASL azdls of en a4 Lglujz.“f oleel 5 b gladly Ll g5 oo o sl 6‘.33‘..:‘..45 3Bt ol i iy Lilalge 2B, sl ylis 5 S g6
Sy Il 3 (K 4 oS ot oslizal BB 2505 a1y ¢ gme (slaesls il g o diaign (6,8 vrendl DLty (Slaptums A5 055001 51
cbaesls (g lwar LSS L aiesw o2l (Gupta & Jaiswal, 2025; Zhang et al., 2025) culoils L5 SSb ol b 63 a1,
NE PN G SV PCRPI e 2 dbd;m@" Sl b awn) (paass S 5 badde

@B & e Jlo oo 531 51513 b pan ol e B sm psgde (S5 o slais S mnad 53 518 5T 5 peb s bl 51 (S
(o sl S Lot s ol Juld pstin a1 oLl s S (slapaenal 3531 (sl e DMl (5,855 5 s (5
b a5 (Kashkooli & Eskandar, 2019; Kiyosaki, 2018) ..l Ju (e S e 5 el (Slaclely ey WSy 2b )]
AT 5 0L e Sl Sl Glejle s S 35 4 TS g (SSL OB 5 Ol e Ols 53 o o 5V rlas o7 bl Ol

(Ghasemi et al., 2018; Rahimi & Sahar, 2018) 5 & i Jb e



23 Sl B3 e Coababpde Ll 5 o m\fﬂ;ﬁfﬁm;} sibte glad (Sbla J 28T GUlg L Jlo pes  atls 5 gk, b
33be e by (Jlo (68 o o S 15 o Jloatispo 5 s B s slaadljo oS 5 48 Az e 0Lz Bouzguenda s
Cupde S S A4S Boisjoly 0 gx SWlks uomes (Bouzguenda, 2018) us” ¢, 8 jlo ¢S 5 SIS St 5l
Sl ety 5 353 DMl 4 o ins 5 Jlo Esn 5 oYU it clapanl e sladaly o 5 538 0 wle e diadipn
.(Boisjoly et al., 2020)

Gk 3Nl s b 8 8 55 55 Slesle bl oSS Ol e Ll e S 0 (635 (S35 K g5 Jbo s (Glojle e s
Aghaei, 2019; Mohammadi & Mehdi) 5 & o Co 55 2l S poe (b8 550 5 o Oty (Ui ¢ SO glaplls
St s b glulid 4oty 5 Sl glaesls Lo L bl g Slojle b b o L slaobjle s (Nikbakht, 2018
G el o 38055 5 diadgr (6,8 el Oty Slapiunns Ole gy e ol SIS 6SUST (63 05 (Sla ol 35 5 by
D55 D smma s s8b 8 5 e (SR 05

sBazadeh (Jt ol Slasls ; Slejle 5 Shas 3500 5 oo Ol Gapts A& (o) &1 (§3date ()l 5 (S Sla ta gy
S dias Ol 5 ilide 3 g 4am S L3 53 1y b (6 S5 gt Al (o enls e Liada Jie ¢S5 b L O Kas
Ehtesham Mehr ..:x.s (Bazadeh et al., 2021) wil 6K ) &y e 10 6550 Gl 3l W15 (or ansss DLty (Sl ptnnn
55 dedign slag sl Coanl Kb & Whos ST 5515 LS 8 Jb s Shae 5 diadign 8 50S Ole (g5lskme daly 0LKes 5
(Ehtesham Mehr et al., 2021) el Jb 6u‘5ﬁfﬁ.¢;

O s glzel S8 Wsle oS 5 gladie Sl eslizul &7 Wilesls oLz Mousavi ;5 ol )Kes 5 Binazir o g Sbles (6 ,luKb o5 53
Binazir et al., 2018; Mousavi, ) disu 55 1, (Kb Gl plie 5 Shes oy e Ll 50 o sbnadir (5,5 panal ST
Sleslizal Siyg s asls p LESSL 53 Shes bl Gladis Cans 5 & bls 4 01, Ses 3 Nabizadeh Kivi oooes (2018
LesSL s L;,_fﬁw; S das s 0L aasl, -1 (Nabizadeh Kivi & Maryam, 2018) Wles S ASh tiaii a5 o 55 slas S s
Dominguez et al., 2019; Jagan ) uS™ Lo ax LSS &g | g 5 63 Shas gl e li wil g & Sl ola il die il
.Mohan et al., 2019

5 A Simebp 0iS al Ol e I Calties ladin) )3 oo 0Lty Gl 055 53 oty (Mallin mlaw 5o

oS el DBl (slaslnn (Guaile (11 ol Oty (e &S5 ¢ble (6,851 51 o3lizal b 01 SCan 5 ALl ol 0 plonil 25 54T



2 e el Olty ot & 35 01Ss 5 (Al et al,, 2023). Shulajkovska sls (51511 68 peeas 83 457 s S 41,
Sl Bl Glae) 4 bapmine pl el CLB edias0lls S ST (b L et JEs e Gl e o0
S5l e Sl o 0Lty Slapiew 5 0,0 5 Lestari & b 5 i3l o5 o (Shulajkovska et al., 2024)
(Lestari et al., 2023) Culagiuw n (6 i ollanil Kol o7 o S eslizal 55 50T
.@\mﬁ)bs@;JM};M@%,6,@@,k;w&wL;u(..:m,.ﬂpoxmu,:tﬂ%;éuw,uﬂ‘c.,wuuatjt-sﬁ
05,8 Jogei 1 L;,.?M Al b 15 o (6ol (Sl (65l Sz s 5 O srnle 51 487 a0 OLLS Chipriyanova , Balicka
L &S eSSl s o5 ) .(Balicka, 2023; Chipriyanova & Krasteva-Hristova, 2023) das 21511, Sledbl csles
Wl 513555 g Slo s ool 31 ki3 IS 5w Jlo (slaosls I packes aom

ot 2855 SO e o8 das e OLES Dol gy ¢ Jlo B30 5 e DLy (Sla gt 035 53 Lt S s b
j.U\a&-l:ﬂdsjééu)sébb;}anqu{.\J\A:.&IJJ'SJAJ‘..:.MajQ%Lgbw@ésu%jlic;;wlbjlé)w.:)\::ﬁj
Yousefli et al., 2023;) ol oiss a5 (dS” 5t U sbaisle sl s 53155 K5y 55 o) Ll &5 a3 LK Jube &5 1 b 40 28
Sy pot b Lladls olamsl S Lo cboje 4 b coddslyl cladis Clel (ommen (Yusefli et al., 2023; Zohreh, 2021
Alaests (6 8 e | ol day S 4 3 3o

(213 o Oty Slapts (13l 5l S Slaies 3 il g o 5 (8 st 50 05 53 5l SV o K5 (5
Ol 5 S e ASh ol Oty (Glapmnnn 53 (6515 (Sla iy 5wl iy (sl ot plesl Coanl  Jaiswal 5 Gupta .ol es S
o (Gupta & Jaiswal, 2025) aas | ¢ St ba |, S gl 5 ‘5,5‘,.,..4 CahS Llg o (63,05 o S Lias e
Sl o2l 3 5t 1 Sl Gladie 1k ol s ( Jlo 250 5805, 2 ST L E s

Cpte s> o ar SIS R 5 (I 5 030y (e S8 S e Cmal (UL L 0330555 (S b & x5 b e
bl 55 5358 (SO S0l il 3 adign (58 el DLty (R (81 A Jole &S (b 4 5L 03 Shae 5 g 5 0K
drr 5 SOl ga gy Jasl 5 b it 5 43 8 a5 53 a5 LSS O oty |y U 5 (ke el 5l (slaadl o Ll gz il Joe i 355 0
Sl 9n 3,005 b 58S SOb sla0lejlu 55 ek g L;ﬂ?mw- Oty oo e dibe (b 205 ol Ota (bl al r bl

s



by
LossS (SLoslelosle s dad ga d;frwdeJré-’ OF G 5 cdl o (63,05« bl a5
S o) 03 pBbm Gos i Ceale LB Sl bal e S slatann g Sl e 5 S Bl Sl Jbe e s S
5> Keadigh (658 ands Dbty i b B3 jo (palae 5 oS GLEST 5 2l sl (oLl I3 @ o 15 03l oo BLEST Sliios
A3l o S Ll 8 005 3 Sl Shask G Geed Ll el il e Jle Bea 5 S b saS (SSL sl
by 0 ot Jols (iasn OB euiS oS Hlin il e s 0 e e 5 o el il e S 5 b esls oS
(Ldal o Sl @ 538 L OB, 55 5 Loy uiwgwwpsmﬁ LU iyl Ol pde 5 AN aslal)
alas gl VU awss Ll 3l b as a8 1 53 Jlee ¥ (gobl (5 @ged Olgie 40 OB odiS oS5l opl 3555 gl p toanl 63
s aile b gl 8 Ol gamiils —0 VL 5 bskial a3 L olKls ode Ctn puae —dl 1 5 le Sl ¥l 5 ol

Sl sages 3555 slaskas sloe e Ol Glagtonn die) 53 e —O o SL s o pde () bl —o el

0> Kadish (58 el Ol oo b Ja e alian 5 LadS GLAST 5wl sl plolid g OB 5t b alas sl SR
DLty tempas Ly 48 35 5 LSOl 351 Ol ke 5 (a3 dslal) abo s j0 O o 5180 Jbo 58 3 05, b piS (SSL slelesle
Glos 29 B s 5 5 5l Aadia 55 (5,8 el iy iy (Bel o Slom w5538 L OB, o5 5 ding uiw
LS 5 i ol (sl aalin 5 baosls S50 48 23l welsl e B OB ot b amlias ol s 0350 (5,10 gLl 30 50 o (otd
53 ey LSS gl e b pen 5,055 L pES (SL llesle 5o diedpn (6,8 prenad Olitiy (s b B e el
O keSSl 1 s bamlae Sos 6 T L ook gLl 5l Oluabl Jsdite 4 bl s Jole (6,8 gLl 5 A (54 p0d sltes
w@juﬁqmuc\fw\uuu,m;u6,j>)§g;@?.mvJ;:,;eu>9¢t§ﬁ>~,~\ﬂ:\~ Ly Gt cpl 03 iash
il sl s glaalas Slpl 5l gs Jbo 5ee 5,505, b )5aS (SSUleleslo s duadipr (658 emenad Olitiy (e b JaS e
T30 g 8038 o pSa ContlS 5 08 00y 5 JalS 233 L O 0 a-lan (sla o Ul oled cambian 51 s 0l oslizal OIS L
a5l GadS ol ST ol s b eslinal alas (e 51l s gladher 5 Slle 8L ke 4 Ogende o 4S5 ST
Glaares 53 5VL Al e SO s s SaSS L oS Jails,s olod 2 (S sl e 03 S Slalid (6uldS paliae 5 ol Sl

6t¢ﬁawq)%ww§@ m:\.:jyb_d:-f):d,il.@i):} ,\JJ\AJA”SJLJ\) aJ;;SA;;)\.;_Q wwjmﬁ)\}yu



b)f}uwulj))‘ °>W\LQMM&SL§?£&U) wﬁ‘}gﬁld%ww ¢M‘>J§{.J&'L6L¥J\)))Mu

A3 S Al 5 s (/80) SIIEUS 55 oy 33155 o 3l eslimal b 50 S5 opl sbL 5 (144A)

baisl

g alae Sl ige belge 3550 53 O L 5l Ol Cals e 4 5 Sl sy Gae a3 55 &S Glee Je 4 ax s L
05,5 Sses i VA sl 5 Colg sl ea L b os dule ales Dl Jhags cpl osas 53 b ad Jlegl 8 ¥ sl
amlan iy (Sobl sl a5 s a5 alae S5 ads Sl e L3S 0S5 alas slaandr s 5 a8y [ ask
Slgn 53,5555 ol | o3liel b camliae andor ool (sl s DLl OUb sls (sl acdr 51 oy Y Slmeo 5 5 SVl o5
G il 4 Odey b ol o sl aihy i (g pLil @ Oy Ol B braliae &8 sl S5 4 p3Y s S s alas
Olsabl gl Js conl o3l Glal 0,50 e A L alias 5y (g kS CLM;l .@;)\J}a:u:@l;)}«J&J;Aiﬁagﬁjrbuaa\;
oy 53V 4 OB s sl o 03 S iy aalsl 5 gm0t BT B alas iy

ol A oslinal aaslas 5 658 SLe) Ot flod Cogr Oenize Jolond S ST 51 G5 G 53 o5 S Oly iy &5 ) shailes
il i3 ot s ol s Al e 0 ghls ST

Ul a ol (5551 maxr Slosl ss 0 5 O 5 Glaaslias 3 G slaesls 6551 maxr 5 o (51 Giee Jhss Sl e cnl 53
Rl 3 oS 5 L oS ST 4SSl el plonil sl 55 e 5 Lnabas eled anlllan 51 g Sl 03 eslinad Jtags Jool e
ptor bosls IS (g IS8 gy, 51 3 10 il o Waosls 5 S e 5 adllee ia3ls ualias Lot S5 050 a3 8 10 )5 s o
el s a0l 5 LS5 S pme andllan om0 O 1 ey 5 2 anlllae

Sl OF 3 e A ol 5y Job 55 0 Jons amlias OF 5l L 5035 (555 a0 ) Gies dm o ol 55 baaslias s w4 55 L
ol Ao 3 ol ol (ol alias Ot (sled pann 45 50 3 5 A 0l g 0 Jan i aliae ol 2S wlas o 53 4
ol 0 aalllae sdome | ol ol 5 b e

Gs axdllae 5 oy 3550 0dd o o la kol pen 4 amliae 05 Tlg daamlas ot 2T 5 s Cilin s plosil 51 g
A el bas 5l plad S35 4 U o g baasliae 53 5 50 MBI 5 DU eled R ol Bl e ol a3 S8

CJML::J\JW\WJALSHQTJEO_:\.MJL&T&M}CJ?JQT}«LAQLAA&‘WW}C@.&:SJ\OW\j‘J@.bﬁw;



o3lal 5 s BB ol pSG it S slaml (o 5 o 5l e s e 53 (558 Sl 5 S POl 5 S ilate 5 (sl S
S Jde s S e sl

s 8 g balias b Gisms o cpl 53 0l ) o5 ol oo aalsl g (glos 28 s Lo o &S s 8 el gl w0 LS
NG|

S el 534 o3Y el 0k 6] = il e ) (§ ekisd emlan 4 bgy e 5= IS sl olil 5 gl e Ssed S 3 o
U e R S RO P NI U R IV

@ gas a-lize

et (S el &1 e e

(b oz S ot 2L Ogzmes halss (Lo badipr (658 mandl Ol (s (ot die 2 Laz s
Sy bl Sl dipd e 458 B 53 oS dies (935050 o stee Ao I (658 el LT3 35 5 (S35 50 Ca e
rmn Slaesls Lol SIS S SOl (6 58 o (s 3 50 53 o8 Sl g o 51 IS T SSL el (Kos o e
Sosn Sl S S sl b lesls el s Sy slaosls o5 it sbaosls ¢ Jlo slaesls ala 3l 550 salizal e oyl 2
Lpd 4 B w68 el gladil 2 53 B LS e 51 o s a3 Jad e slag,sl 5 o seas

Sl skl b S slal 1) st s SLIBL Slols Sl dleaml it Sl e 31 s SOL G o8 458 255 Jls 5 oy
RS aite b Ol g8y dlaaml 5038 lalid 1) Sl L Jas o slanasiio 5 (5535 (sLa S0l Ol on o omae (slaaSd
byl s 1y o3 slas s 5638 sl G35 ssb a ) hst g SLIBIL Bl e S, B S 0 S SOL 4 Sledlb|
Syl b (s3latngr sl Ale gladie ooty dal st s U SOL b3 Shee s gy 0l 45 (LS sl Sy Sy ke
S5l sl S (o oan ae laasd (Bt e s o sl sladie alexr Sl e eslinal LSSL 3 (6 S paena
s edle

Sl 5 ao3ls (VL o @ a5 b o mlmosls el Jai 5 g e acSSL J La, SU1 ol (3luenly ool sla 20l 51 (S
Ol 5 s (5558 Cotlon 5 4 5L craman S (6305 MO0 Laasls ol L (g5 Ll ASOL 0L mie s 5 Sl Sl

el 0y oyl L;LA‘J:JL?)'\ Jf.,adiiﬁ,djé J?L.Mbu



Soge a kb bl al el OF plle SRl 5 bl & 3L iedipa (5 S peenad Jie 035 oo g 3l ol Oliabl (5
S Jlasl s 3 15 05Y lassg U558 50 glo)so

53 5 (6 S el St 3 Shas 53 g5 BB 2 s 015 e ST 5o e g (68 el Oty e K (s5lenly L
58 |y (Sb Sledst CdS 5 o3l g il

a8 osl> O S 5l jls s (slags o ST (LlKen 5 plapian (i G50 Giluesly oS das e 0L e Sl 2
el (g5l Oluaasize b

0L jrtie DM el Lai 5 dadite 5 st S0 0550 550 cbbesls kS 51 Oliabl 358 4 8 55 53 L oS e ISS o
RL

Qoo 5 o 550 1y sl (AU WL o (6l o iy s s (SLadS 51 e g 4 5 05 S (,MSUS | Laesls oJsdr s
.,k.iW‘m.auﬁj:.iﬁJb_ﬁﬂ.%j>.,L>.uL;\,Uﬁl.i.Jb)lj.é(,A)L:SU.@&AJ:{\.ZQ,@;.-bg.il.:&uéLaJS‘(}?ilS%jSayagjw\;)\J}
03, o2 3 ST 3lpe Bl 0585 (S L 0T 51 L DS B 3N w5 1SS s D (ol (IS o3l a4y Wude b
D5 15 Jol 8 odis amlian LS L5 ) Jpdor 1043 5 ] sl adsl IS YOV alo o el 53t sl Aol IS 1 sla L
el oals Gl 45 gl

Jsl (g odipd amluae 5laS 7l Sl s'» MAXQDA 5 5 o 3 gl SN Jadr

Ol ol L;)lJ\fJS Q“)L?G laus

Voo dal s diedga (¢S eendd Olitdy e (leting Jho 3 Jlaads ol glaesls L eenas Olidy oKL

Pos. Y slacussitsne 5l ol s Koy ( Jb s o 5 Lol il Jalse Lgu&;&:}dawu;ﬁdu&)ﬁ\w@
(e sloeals glsil e ol po X8 o sl G om0 s 56 5 leld Gl pslbe Syl wbed
Sy s by o slaesls 5 e3bal 5 1L laesls Ol e Sledbl eyl oals oL (el Sl S 6Ky
so3ls Jdo glan; S a5 Lnesls cpl 58 o 5l 3 oslinal 3,50 clmosls sl (35ls 5 (L 51 ol o0l AL
S o 1B ealinal 5 5e gy Slapaal S gl oan Sk gladie 5 e, S01( (SCL el oL
Slaasid s 8 iyl (6 oaal il oL glads eile
3 el S 3 il opndle (6 ,S3b glan ) 5 (2 s e
oslitul (5 S manas gladul b (Sileane lp Olnty Ll ol

et s




O3 ke Slosdge b bl e Jodr 3 5 L sl oLy e Sl baslas sl GladS s 5 2o T3 eSS Sl
L SeMbl ks 5 ol (giny >l 5 L5500 S 4 balias Lo )3 5850 5 olins sla SOLES Olgie 0 WS ol i S
G Lals e g b b 58 LIS LS 51 2 ol ol )3 sl 3 o A Jols IS YOV (IS8 A sl o
oL i 5 ol folas e OB s Ll slal b e b S0s (5 5 0l (5le e g plonl S pl 51 S a5 5 s
A58 LS olg gladS @ ol s adsl laas &Kl @bl,g@ﬁpo)wjdiw}cﬁ‘w)ﬁj\m..u.u osls

il e ) Jg_chz«;_g@ﬁpe,\.: el Gbaaslae ol LaS fior

Code System Taps | Zeps | 3eps | daps | Seps | Beps | Teps | Baps
LIRS W RETIC - = o=
g praad gluidy alBl ] | | |
Cg prauni piluidy als sleasls il u ]
g lnaala sl azjlt 5 zlpiwl ol L]
Eg ylol sle 2187 5 pogicn iigs n n
g rac sladtiiud g i iy ls
gl aLaal g7 g pup jSps u
Gl plla Giigs 350 g5 jl 03latwl
gl zylos g lnan s s
Tg ulls Cilhail ] n
T dadie 15055 als
T ails 5] Lo lasonad 3l
g wlellhl cblis 5 sl
g pinial Calaagy 51 spSing g b
B aulgl a3l3 aluly
T il jl gl a3l alialy
Egl leaals aulgl islayy
Tl sl aals alaly
Eg plogs Binjlap
€l puile 8l slaJas 5 e am oSl
Byl Ly Cupis

MAXQDA 13551 ¢ 5 53 OUS 5 oS az )UKy pmaliae St ) S
AL =) als OIS Dpeae F oS 4SS Osean 10 MAXQDA 3 0 5 il 3 o5 o sdalie ) S 55 oS shailan
S =7 5 I Shsa s Sy 5l eslinal =0 jils e =F (DleMbl Chlix 5 ol =Y (ranal Ol oKL =Y eyl o3l
ol s 4 0l
Jg;;;dxﬁ\c_umu@@.a;uwg\,wip\”%bw@;\d\wwm;ﬁ@&asm@,;dsjr,g,mtf
it O e (3l cokdalgiig ualiae & A3 jasiia o8 ) b el alias glaes

il ¥ S 58wl e Sl edel ey pad a2



U‘)m L) 0.5}'.0‘ db‘)

—

aulgl el sl =

I INS—
il aal]: "I _:::_ = 1‘ “_

iy 5 anla alfii,

ABasd 9 g e e

MAXQDA i ¢ 55 pobian (5 45 Y 3
Olen ol 3 252 oo B Lol st o Lol cpaliann it 2V 5 plalid el 51 (gl a5 pame o LSBT Sl dm yo o

i g b S 5 TS el s e (VL ae s L
03 5 sl i Gy ade 035 b 3 o (Sl Slalllas Joli G ol 53 SleMb] LS i 53 b s s 5 oo 3
el o o3litl 55l 5 Dl oS WDV (gl SllS sbie 31 G Slal 5 Sl 3 3 oSl (550 8
Sl G (6 nsphe adsl Ja g sdsn Aol Gla patli 5 Lo e (sledie (G a5 ook ol Slsl 55 85 L3 s
L psose ol 0o baslas 5l Gie slaciily p Sulg 5o 5 OB o Ol LS Ol 4 el plasil slaalias da s )55 sbaelS s
T e AS O gl Je 855 Ol b il b5 IS 8w s laparla s (ol sl s s ol adl e Olse

1F+8 Jlo (pgd 0 los ¢p sle 0,599

—
—



______________________________ - R e
[ 7‘ \ | r I \F 1
\ ‘ \ || \ | |
| \ v —_ \
| ‘ | | } v | | e gial |
st olsl | | | |
| ‘ I 5.2 et o313 sl | | o — I | — |
ol dacaltl ‘ i || \ |
(809 o Jibi | [ i gl o | |
Py Ansta f b oS3k ‘ et SlMEL s s A el ostid b ‘ | i S l
g il | SRR ‘ || SN il 3 o ‘ | ) l
‘ ‘ ot o
,,,,,,,,,,,,,, | I |
————————————— | | [ Sl 5 g i g abelis gy pahie K yiile | ‘ |
i ok lalaoats i 3t 5 | (aio| | %
St gty | [ \ H |
[ e | | | .{
sealelilh glngh |1 s et gl 8655 st st || k '
| o 9 lojly b i pular 631 3 ili> | |
I | & yale o> [ | |
il e estoolial : | | ‘ |
g Jds | ‘ [ s pgtag |
celgh 3 o | \
lojle o537 0sl | I ‘ | _— |
ey | ‘ |
P i [ |
s
byl | ! [ i gl |
el 5l culed | I [ | |
Pl glyie | | — |
= L l L 3| J
_____ f-————! —————f-———-—
|
| T 1
| | eI SIS LT
| [ . !
| | ‘
| | ) v |
| | /\ I
| i g |
I I by ottt ity clag Sl |
| ‘ : T [
| c_,l.nu; Iau_,nd,_r [ CE I T } | |
| \
| ‘\ > | : |
! ol | |
| Y [ | [
< ] -
| /‘/ ! | !
| _ glesie il gslopem g“"_'“_J e pie gl 12 glha g 5 oslind | !
| U Lwlydyd [

S s 3,55 b a8 S LBl 3 g (58 reaed Dty e g 26 o ¥ IS

S 9 A § e

(I e 3 S5, b sES (U ladlsle s e o (6,8 el Sltdy (i s dibe (> b 45 303 LSS Jhass cnl slaasil
w23 1 i i (6 S el s UG L ol 3 a8 el Lt 5 ke (5l A g e laadd o Sl (slas pazes p e
SL s 6)19\”@.5@,@1&@,% Had g8 (6 S rmns Oty (e oS ool OF Sl Laosls ot 51 Jool il S o
B IS Slosle Jlo 5es slaadfe 5 (Bls o e et o sl 5580 glosls glactlu 5 5 48 el g o3l SO
L5 ST balela (il ot 5 2l Cotle 2 oS ool poon ol 0Lty (Slapio Sl 3 sl Jae SlaslSiss L 4l oyl

(De Sousa et al., 2019; Desouza et al., 2019; Yang, 2023)

S35, L}.ltq.ﬁjui.ﬁcc,.,icspjﬁg-)l?ﬁl slaesls alilbn 399 a8 3l OLES A (sladd] 5 C\ﬁaﬁ»\}&uu (op s ol s

C,:'-L.ﬂfu‘jd)l;)_,}-ﬁQJJU_4L§Jl:é)jLg)l.g.cl“;LALgbo;\:%&rm&byu&l{.ﬁdc&:lwﬁdﬁi“ a5 Olidy s



Ol s Chipriyanova ; Balicka slsasl U ams 55 dalis o ean iga ookl 51 S 0 4 536 i (slosls
Sl 03l e 5 dadph (6 S el bty (ol SMB] Glapiann O prla il 5 (3l Sl 23S o uST S
Gt 3 4 Llosls 0L O, Ken s Zhang uxes (Balicka, 2023; Chipriyanova & Krasteva-Hristova, 2023)
3l o Gl S sl 5 Sy o e S5 aiians AU besls Ko LS 5 S s sl sk e oS Ol

(Zhang et al., 2025)
Srpanas 1 4 W01 L 5 baesls (2315 5 > Jlos sladie 5 tadgn slap, S (Sogmmn (B » e Jlasy (slaasil

bl OSGl diad ga (68 ol DLty e L3 Sl Sl 5 edile S5k (e san iaa Sl eslizal sl uSTs

st YANG 5 XU Sladllas b 4zt ol 33l oo ol 3 1) (6,8 enmnad s sla sl b3l 5 S, ot Oley sl Sl
L}i,\g;u%}dﬁﬁL;;JSijjgdi;Sljc,Jl}jll)dévM Jdljs&wji,.ﬁ_Lgu&)jfd\j\éﬁfﬁﬁm:wduJéwl
oS (k5 sl i b il iy s e plisl S S e asT Jaiswal 5 Gupta pomes (XU, 2024; Yang, 2023) 45
(Gupta & Jaiswal, 2025) das o il glsbas jsba | Jb Blho 53 68 e

Ohidy (o 3506 5 (b 53 SIS dlie S Olsior (b opmr A8 Oldaner  (Ghasn nl gl (pSeee S (S
Sl e a8l Glosle bl G 4SOl e (938 (S SO Ll Jle s oS ol 0L il ol b (6,8 el
e Ul 1 Jbo (aam oSl Ol yeen Kiy0saKi ol b asly cpl 55 o sl anenad Oty 5 Sledbl slagion 5 b
s Kashkooli gls tass cizes (Kiyosaki, 2018) Wls o iow il glapeanas 31l sl Jbo Sledbl (5,580 5 i
ol o Jsinsls (6 pdoSKs) SEaS 5 (5 S eramdd 3500 b Ol pite 5 QLSS Ol L3 Jlo s VL - laws 4 Wlesls oLis Rahimi
.(Kashkooli & Eskandar, 2019; Rahimi & Sahar, 2018) .|

s Ul 30T 0Ll oS syl 1y s 1 oty Glas dedgn (658 el Lty g & S8 Ol o 48l ) (S
Bouzguenda BB L gt ool Ll lsy s e Glaao 5 ST eslial s Jlo ladaly s a5 >
Sph s F 0S5 S e § S el 4 e (Jlo Gaa b Sl 5 LS ladilie S 5 s e DL S el il an
Sie Mo Gl 5 (53,5 53 ale e dgy o e S 43S s AST OLKes 5 Boisjoly ixes (Bouzguenda, 2018)

(Boisjoly et al., 2020) —wl YU Jbo 258 51 (olss5 5 5 33> Sledbl a4 o zs p s



Lo g2 (5 S el Oty s (ool OIS 51 Dledbl il 5 G533 S e oS 513 DL pizmad S5l iy slaasily
hls S bl Sl pranal 5 ety s il @iddS slaa Sl Jole 2ls (SOl s 53 L e o geme SSL 3
Aghaei ; Mohammadi laslSus b as pl 253 Sleyison 5 GISST adla o3 depllsl & poty b &5 ol (63 8,
Aghaei, 2019; ) Lles 5 A4St OLS,I8 odds GS s S 3 SEI Sy pde 5 Slesle haa EE &S sl Ol pan
Slrosls Conlo @ 4> 5 L 5o Sledlbl 5l cbli> 5 el conal s (54 3l (Mohammadi & Mehdi Nikbakht, 2018
» Desouza ; De Sousa wldlas ;5 45 255 50 8355 oo o lae Liad o Slaptomn @ slazel Glab 2 2 51 (G Ol (ST
(De Sousa et al., 2019; Desouza et al., 2019) ol a3 1 5 AT 5, 50

Ll o Jlo Sisp e Ladipn (6 S meaml DLty (s S 1l &8 s e 0L R 0l B Glosl 5 Shas mlas 5
&wsl yen Nabizadeh Kivi ; Mousavi Binazir oldlas o b asl ool s ais Sl 63 Shes gla ol 350
i g 1 Gl 5 Sldl sl s Sas o e L5 e Jhpenal gt 5 (oS 5 Gladds Sl eslid Llesls Ol &S
Jagan Mohan ; Dominguez ,.-.» .(Binazir et al., 2018; Mousavi, 2018; Nabizadeh Kivi & Maryam, 2018)
Oty e Gisb 31l ) 6 2ls AT 5 Shas IS slaasle cu e (sl ol Syl Sl eslinal &5
(Dominguez et al., 2019; Jagan Mohan et al., 2019) ¢l Gi=s |6 L sa ot

Sl 3,0 1 a5 5l (ol & I 3 das o OLES 1) g 2ol S ety Slalllae U anglin 53 hasy ol slaasil
Ali et al., 2023; Lestari ) lacals 8 a5 (55500 b (5 (53000l 0l ool Sl diile (ol (slass s 3 manal 0Lty
Calr S I i 305 e Geil 5 GUISSL S a5 b sl e et al., 2023; Shulajkovska et al., 2024
slasl 5 el Oty Slaptom 5 Gl Olin ol 51 30 6 15 Slssl s 5 5m 0 SIS 03 gy ol e o ) male 5 s
(Yousefli et al., 2023; Yusefli et al., 2023; Zohreh, 2021) aas o 255 6305 o b el (58 pmas Jlo 5 5l
S et g las )5l w0 L SOl L e gr (68 el Ol (s Sl o oS s o OLES B opl i wculgd 5o
S Zhu GlaolSus b asl ool o anly Jlo om0, 5 Slsle Kan b Gladl Glaclbl L a5k ool vl yos o
15l AST Lolle 5, Shas 35 53 3,0l liebes 5 Ll sl (Slle e gasl 5 S el seen Tortorella
oseie ool G Olgens LUl S e st opl s eddadlyl Js 5,00 5l (Tortorella et al., 2017; Zhu & Malcolm, 2019)

358 13 eslinal 3,50 Kiad ga (5,8 a0 OS2 5 (SSL Ol e 6l 5 Lasal



alan 5 O GISH 5 tags (AS Conle oOT s ol 03 ol an ey sdoms U« oade (slasjsliws 3925 L ol fassy
Cod ol San DB S S Lo Dl 5 5 WaolS i w53 35l o 3 5ukee |y (SOL slatleslo paled & ol end OISRl O 5
(SOb Al Ol e (Sl o pd 5 Gles Cussdoe cppe Al 4 S 13 OUT Lol Lol il s 5 s sty L
Ll 031y 1S i B 1 WelSss g aals

5 0ge30 o3 28 (oll laaisad 53 1) eyl Jobe el b oS bz Sy 5l 600 b odal slatassy 353 00 sleniy
& Ll e QLSS a5 sel a5 eSOl i f ok o Glaslo Sn b aile S das (sla piite (8 ooy 1 (iomed IS i s L]
Sl iyl gla iy Ll oo 3 calie Gla, 008 Ol b po gt 5 Jos e SSL Ol adet Slallas <=L>.L}\ S S Joe gls
s 4l el g L;ﬁfv._w...aj olaly ‘_;Lar.:m:.ﬂ (_;)'Lﬂ&ﬁ DR eR )3

Clacstla 3 skl S S 03 Olpde 5 QLSS Jle Jiea linl il sl 108l ju LS 55 353 0 4o s SOL Ol e«
il e et h Glaatan OIS et (235el 5 (213 o e Slapllss ane 55 (DDl el g 5 e LSS (slesls
3 GEsn o120 3 (L OIS Slal b s (slas jaly (g5lulinl o cpizman s (5151 (o S 5 sbas | (5 S eeams

ol dalpt ol b 1) e (6,8 enad 0Lty (et

bW g o5 lio

L35 ) LSS 28 08 s 5 ol e ol 3K s

& p 5

S s g g ile sLas d;@k‘féb wlk.‘rl?azlj.ﬁ

SOHS (0 3190

el oys 8 aley gl el 5 a5 e e (BS ol S2l s ol oaleS 5

‘53‘0)45 9 ,;M“

AT o Jos 4 G158 5 S5 s ST alen 1l Jha g cplplail 5 &7 LS (ales

Extended Abstract

Introduction



In recent years, rapid advances in information technology, artificial intelligence, and data analytics have
profoundly reshaped organizational decision-making processes, particularly in complex and high-risk sectors
such as banking. Contemporary banking organizations operate in environments characterized by uncertainty,
regulatory pressure, intense competition, and massive volumes of heterogeneous data. Under such conditions,
traditional decision-making approaches that rely primarily on managerial experience or limited analytical tools
are increasingly insufficient. As a result, intelligent decision support systems (IDSSs) have emerged as critical
infrastructures for enhancing the quality, speed, and reliability of managerial decisions by integrating data,
models, and expert knowledge into coherent analytical frameworks (De Sousa et al., 2019; Desouza et al.,
2019; Yang, 2023).

The evolution of decision support systems from rule-based and model-driven tools toward intelligent, adaptive,
and learning-oriented systems has been largely driven by developments in artificial intelligence and machine
learning. Recent studies indicate that the incorporation of predictive analytics, reinforcement learning, and
advanced optimization algorithms into decision support systems enables organizations to shift from reactive
decision-making toward proactive and anticipatory strategies (Xu, 2024; Zhang et al., 2025). This shift is
particularly significant in banking, where decisions related to credit allocation, risk management, liquidity
control, and performance evaluation have far-reaching financial and reputational consequences.

Within this technological transformation, the concept of financial intelligence has gained increasing scholarly
and practical attention. Financial intelligence extends beyond basic financial knowledge and refers to the
cognitive and analytical capacity to interpret financial information, evaluate risks, anticipate outcomes, and
allocate resources effectively. Prior research suggests that higher levels of financial intelligence among
managers and employees are associated with more rational financial behavior, improved risk assessment, and
enhanced organizational performance (Kashkooli & Eskandar, 2019; Kiyosaki, 2018; Rahimi & Sahar,
2018). From an organizational perspective, financial intelligence can be conceptualized not only as an
individual attribute but also as a collective capability embedded in information systems, decision routines, and
knowledge management processes (Aghaei, 2019; Mohammadi & Mehdi Nikbakht, 2018).

Despite the growing body of research on intelligent decision support systems and financial intelligence, the
existing literature reveals a notable gap. Many studies focus either on the technical design of decision support
systems or on behavioral and cognitive aspects of financial intelligence in isolation. Fewer studies have
attempted to integrate these two streams by proposing a comprehensive, context-specific model that embeds
financial intelligence within the architecture of an intelligent decision support system, particularly in the
banking sector. While recent works have explored intelligent decision support in areas such as supply chain
risk management, urban planning, education, and supplier selection (Ali et al., 2023; Lestari et al., 2023;
Shulajkovska et al., 2024), there remains limited empirical and conceptual work addressing how financial
intelligence can be systematically operationalized within banking-oriented IDSSs (Yousefli et al., 2023;

Yusefli et al., 2023; Zohreh, 2021).



Furthermore, advances in digital technologies and accounting information systems highlight the importance of
data integration, automation, and analytical transparency in supporting managerial decisions. Studies
emphasize that digital accounting systems and automated data processing significantly enhance decision
quality by improving data accuracy, timeliness, and accessibility (Balicka, 2023; Chipriyanova & Krasteva-
Hristova, 2023). In banking organizations, where financial data sensitivity and regulatory compliance are
critical concerns, these technological capabilities must be accompanied by robust information security,
knowledge management, and human-centered analytical competencies.

Against this backdrop, the present study addresses an important theoretical and practical question: how can an
optimal model for an intelligent decision support system be designed for banking organizations by explicitly
incorporating a financial intelligence approach? By synthesizing expert knowledge and empirical insights, this
research seeks to contribute to the literature by offering an integrated, contextually grounded framework that
aligns technological infrastructures with financial intelligence capabilities in banking decision-making
environments (Gupta & Jaiswal, 2025; Zhu & Malcolm, 2019).

Methods and Materials

This study adopted an applied, exploratory, and qualitative research design grounded in an interpretive
paradigm. The research population consisted of academic experts and senior banking managers with
substantial experience in decision support systems, financial management, and banking operations. A
purposive snowball sampling strategy was employed to identify participants with high levels of expertise and

practical involvement in intelligent decision-making contexts.

Data were collected through semi-structured interviews, which allowed for in-depth exploration of
participants’ perspectives on the components, mechanisms, and requirements of an optimal intelligent decision
support system in banking organizations. The interview process continued until theoretical saturation was
achieved, resulting in a final sample of ten experts. All interviews were recorded, transcribed verbatim, and
carefully reviewed to ensure accuracy and completeness.

Thematic analysis was used as the primary data analysis technique. This process involved multiple stages,
including familiarization with the data, generation of initial codes, identification of organizing themes, and
abstraction of overarching themes. Specialized qualitative data analysis software was employed to facilitate
systematic coding and theme development. To ensure methodological rigor, credibility was enhanced through
prolonged engagement with the data and expert validation, while reliability was confirmed through inter-coder
agreement.

Findings

The analysis of interview data led to the extraction of 351 initial codes, reflecting a wide range of expert
insights regarding intelligent decision support in banking contexts. Through iterative refinement and synthesis,
these codes were consolidated into 15 organizing themes, which were subsequently integrated into six

overarching themes representing the core dimensions of the proposed model.



The first overarching theme concerned the primary data infrastructure, emphasizing the necessity of
comprehensive, accurate, and integrated databases encompassing financial, customer, risk, and operational
data. Experts highlighted that without a reliable data foundation, intelligent decision-making capabilities
remain fundamentally constrained.

The second theme focused on the decision support database, which includes analytical models, algorithms, and
historical decision records. This component serves as the analytical engine of the system, enabling scenario
analysis, forecasting, and optimization.

The third theme related to information security and protection. Given the sensitivity of banking data, experts
emphasized the critical importance of robust security mechanisms to ensure confidentiality, integrity, and trust
in system outputs.

The fourth theme addressed knowledge management, highlighting the role of capturing, storing, and
disseminating experiential and analytical knowledge generated through decision processes. Effective
knowledge management was identified as a key factor in organizational learning and continuous improvement.
The fifth overarching theme centered on the financial intelligence orientation of the system. This dimension
reflects the integration of financial reasoning, risk awareness, and economic judgment into system design and
use, ensuring that analytical outputs are interpreted and applied effectively by decision-makers.

The sixth and final theme concerned the command and processing unit, which coordinates data flows, model
execution, and user interaction. This component ensures system responsiveness, adaptability, and alignment
with managerial needs.

Together, these six themes formed a coherent conceptual model illustrating the structural relationships among
technological, cognitive, and managerial elements of an intelligent decision support system in banking
organizations.

Discussion and Conclusion

The findings of this study underscore that an intelligent decision support system in banking cannot be reduced
to a purely technical artifact. Rather, it is a multidimensional socio-technical system that derives its
effectiveness from the alignment of data infrastructures, analytical capabilities, organizational knowledge, and
human financial intelligence. The proposed model demonstrates that financial intelligence plays a pivotal role
in bridging the gap between advanced analytics and practical decision-making by enabling users to interpret
system outputs critically and contextually.

By integrating financial intelligence into the core architecture of an IDSS, banking organizations can enhance
not only the accuracy of analytical recommendations but also the quality of managerial judgment. The
emphasis on data quality, security, and knowledge management further highlights that trust, learning, and
adaptability are essential conditions for sustainable decision support effectiveness.

From a practical perspective, the model provides a structured roadmap for banking managers seeking to design

or enhance intelligent decision support systems. It suggests that investments in advanced technologies must be



complemented by initiatives aimed at developing financial intelligence competencies, fostering a data-driven
culture, and institutionalizing knowledge-sharing practices.

In conclusion, this study contributes to the literature by proposing an integrated, context-specific model for an
intelligent decision support system grounded in a financial intelligence approach. By synthesizing expert
insights into a coherent framework, the research advances understanding of how technological and cognitive
dimensions can be harmonized to support effective decision-making in banking organizations. The model
offers a foundation for future empirical validation and provides practical guidance for organizations navigating

the complexities of intelligent, data-driven decision environments.
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